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Time-series Imputation
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ARIMA Method

AR &= (AutoRegressive Model)
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Holt-winters Method
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Building Number Date Temperature (C) Precipitation (mm) Wind Speed (m/s) Humidity (%) Sunshine (hr) Solar Radiation (MJ/m2) Power Consumption (kWh)
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ABSTRACT

Missing data in time series is a pervasive problem that puts obstacles in the way of advanced analysis.
A popular solution is imputation, where the fundamental challenge is to determine what values should
be filled in. This paper proposes SAITS, a novel method based on the self-attention mechanism for
missing value imputation in multivariate time series. Trained by a joint-optimization approach, SAITS
learns missing values from a weighted combination of two diagonally-masked self-attention (DMSA)
blocks. DMSA explicitly captures both the temporal dependencies and feature correlations between
time steps, which improves imputation accuracy and training speed. Meanwhile, the weighted-
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